
  International Journal of Contemporary Research in Computer Science and Technology (IJCRCST)             e-ISSN: 2395-5325 
Volume2, Issue 8 (August ’2016) 

 

 
IJCRCST © 2016 | All Rights Reserved  www.ijcrcst.com 
 979 

TERM AND SIMILAR WORD EXTRACTION FOR TEXT DOCUMENTS USING 
RELEVANCE FEATURE DISCOVERY MODEL 

 
M.Mala, 

M.Phil. (Computer Science), 
School of Computer Science, Engineering and Application, 

Bharathidasan University, Thiruchirapalli, India 

Abstract: Relevance Feature Discovery (RFD) has been implemented as the next generation architecture of term 
frequency. In contrast to traditional solutions, where the search in optimizations services are under proper logical and 
personal controls mechanism. Based on subject-word customizing model, the movement of word meaning creates a 
personalized searching technology which describes subject-word knowledge. This method Combines multiple meaning 
of subject words to match and extended. In this proposed work of searching a specific word or sequence of words, or 
quotations in a large text document is used.  It presents a new technique for text document classification using term 
frequency matrix. Finally the subject word weight is calculated using cosine similarity measure. This work proposes full 
secure data sharing and access correct person only in implement attribute based access control mechanism to term 
frequency similarity and inverse document frequency using with discrimination.
Overcome the user revocation problem.
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I. INTRODUCTION 
Importing the relevance feature discovery (RFD) with optical 

scanner or by digital low support or frequency. Analyzing and 

manipulating the Relevance Feature Discovery (RFD) which 

includes data compression and enhancement and meaning 

patterns like data mining .Output is the last stage in which 

result can be frequency weight challenging feature discovery 

multi-class problem. There are some feature selection criteria 

for text categorization including Document Frequency (DF). 

Effective use of both relevant and irrelevant feedback to find 

useful features; and Integration of both  

 

Term and pattern features together rather than using them in 

two separated stages. Text Mining can be defined as a 

Classifications-intensive process in which a user interacts with 

documents collections over time by using a suite of analysis 

tools. Data Patten seeks to extract data sources(Relevance 

Feature Discovery (RFD) through the identifications and 

exploration of interesting patterns. The rest of the paper is 

organized as follows. in section2, review the related work, 

section 3 explains the proposed approach in detail. section 4 

presents the experimental result and we conclude in the last 

section of the paper. 

 

II.LITERATURE REVIEW 

 
The superiority of documents patterns is important for 

relevance feature discovery in text documents between 

frequent pattern mining often weight produces many noisy 

patterns specific[1]. In an application in which we track 

employer access performance of web booklets, the user access 

performance may be taken in the procedure of web logs. For 

all text, the meta-information may resemble to the looking 

performance of the unlike users. Such logs can be used to 

enhance the quality of gathering in a way which is more 

expressive to the user, and also submission sensitive[2]. 

 

Cluster-based Approach can be cheaper than other methods. 

Large sample size possible. Relatively low cast. Many 

documents are good qualify, some are very detailed [3] Many 

of  papers grouping requests demand rapid answer times while 

consuming data sets too large for linear time clustering weight 

. Even constant-time svm algorithms such as constant-time 

Scatter/Gather can, because of large constants [4] the ability of 

scalable methods to process huge data streams.  

 

This sampling technique is cheap, quick and easy. The 

researcher can also growth his example size with this 

technique. Seeing that the investigator will only must to take 

the example from a number of areas before clusters, he can at 

that time select more topics since they are more accessible [5] 

Papers discovery out reduction the RFD load laid upon the 

human expert in this process, it is critical to pay an algorithm 

that is actual to the dataset of interest.  

 

Finally, we are interested in examining the view of by the 

topics familiar in the second step to directly improved.[6] The 

Relational Topic Model (RTM), a model of documents and the 

links between them. For each couple of documents, the RTM 

representations their link as a binary random variable that is 

conditioned on their contents. The model can be used to recap 

a system of documents, predict links [7]. 
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III.PROPOSED APPROACH 
The proposed approach is relatively nouns are denoted 

structure are referred to as free-format .Extensive and 

consistent format elements in field-type metadata can be more 

easily inferred stream words. Difficult to extract opinion in 

streaming forums manually develop for each text analysis. 

 

A. Preprocessing  
We continued to develop the RFD model and experimentally 

prove that the proposed specificity function is reasonable and 

the term classification can be effectively approximated by a 

feature clustering method.. The first RFD model uses two 

parameters to set the boundary weight between the categories. 

It achieves precessions.It has been used on fifty documents 

updating classifications preprocessing at this time collecting 

term frequencies fading a extractions specify weight terms in 

text mining ranking predictions. 
 

B. Document Collection 
In this proposed work presented the document collection data 

while getting data set based on CSV file. such as term 

frequency  and feature vectors extracted from similarity words 

, are widely used in various historical . Similarity query on 

data collections has attracted many research interests as it 

RFD an important role in many data mining, database and 

information retrieval tasks.  

 

C.Stop Words Removal  
Similarity query is technique to extract the data from 

databases and examine the problem of high-dimensional data 

search in incomplete databasesstop words are words which are 

filtered out before or after processing. stop words can cause 

problems when searching for phrases that include them 

.Implement lower and upper bounds of the probability and 

triangular inequality to find the missing dimensions.  

 

D.Stemming Words 
Stemming is the process of reducing inflected (or sometimes 

derived) words to their word stem, base or root form—

generally a written word form .Data pre-processing is an 

important step in the text mining  process for example (A 

stemming algorithm reduces the words "fishing", "fished", and 

"fisher" to the root word, "fish").  

 

If there is much irrelevant and redundant information present 

or noisy and unreliable data, then knowledge discovery during 

the training phase is more difficult. In this module we remove 

noise words such as and stemming words.  Noise words are 

known as stop words. In computing, stops words are words 

which are filtered out before or after processing of natural 

language of data or text. The stop words may be the, who, a, 

an, as, to and so on. Stemming is the term used in information 

retrieval to describe the process for reducing words to their 

word stem. Stemming words contains suffix stripping and 

prefix stripping. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Figure 1: Schemantic Diagram of Proposed 

Work 

E.Term Extractions  
Extract domain product features through the evaluation of 

their weights in different related domains. And implement 

preprocessing steps. The preprocessing step aims at converting 

the free-text review sentences into a set of words and, at the 

same time, enriching their semantic meaning. Three subtasks 

involved are part-of-speech (POS) tagging, stemming, and 

meaningful word selection. We employ the tagger for POS 

tagging and stemming. Subsequently, the meaningful word 
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selection eliminates semantically meaningless words and 

retains only those helpful for extraction rule learning. 

Specifically, only nouns, adjectives, adverbs, and verbs are 

selected for subsequent analysis 

 

F.Cosine Similarity 
Documents textual dataset is analyzed using text-mining with 

automatically generated decision trees to find significant 

words that affect correct assignment of document labels 

(classes) and can be used for detecting noticeable changes 

frequency term . The term weight  procedure is based on 

analyzing successively adjacent   of data-windows in the 

stream using the comparison of the current and its previous 

window, both represented by their lists of relevant features 

expressed in words. The presented results demonstrate that the 

suggested method provides reliable results 
 

IV.WEIGHT AND RANKING 

 
Data is streaming in at unprecedented weight and must be 

dealt with in a timely manner. RFD tags, positive and 

hypothesis are driving the need to deal with model of data in 

near-real time. Reacting quickly enough to deal with data 

velocity is a challenge for most terms. 

 

 

Term-

Id 

 

Extract  

Keywords 

 

Weight 

 

Documents-

id 

1 Expect 0.083333 18.txt 

2 Good 1.0 0.txt 

3 Achieved  0.9999 23.txt 

4 boring 0.3056 47.txt 

5 Elements  0.6987 35.txt 

6 Well   0.55 48.txt 

 

Table 1: Statistical Information for word 

Similarities 
 

Statistical information finding the Similarities. Ex:Expect, 

Good,Achieved,boring,Elements,Well if I have get documents 

id more are less term frequency.Frequency–inverse document 

frequency is a numerical statistic that is intended to reflect 

how important a word is to a document in a collection. The 

expect word value to the 0.0833,good weight value 

1.0,element weight value as 0.6987,then well weighted value 

as 0.55. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Table 2: Different values of RFD 

 

The term vector similar to the term frequency and inverse 

document frequency using to the calculate the document 

value. 

 
Keywords  Extracted Similar Words 

Good Great,Satisfying,Wonderful, prime 

Expect  Predict,Forecast,assume,sense 

Achieved  Win,earn,Actualize,gain, 

Boring  Tedious,flat,arid,plebeian 

Well Whole,hale,fresh,hardy  

 

Table 3: Similarity Words 

The Similar Word website is a great resource for finding 

synonyms for a given word.Synonyms are words with similar 

meanings, but one cannot always simply be substituted for 

another. Consult dictionary for distinction between each. 

V. EXPERIMENTAL RESULT 
The effectiveness of the proposed stage of the documents 

source relevance feature discovery (RFD) is essential for 

historical and degraded documents for the elimination of 

weight frequency positive term calculated as well as contrast 

enhancement between RFD. 

 

 

 
 
Figure 2: Comparison for using different combinations 50 

documents of categories of terms for RFD2 

Term Vector  Max 

Factor  

Feature 

Init 

Initial 

Learning 

Rate  

(0.00,0.01) 2 0.1 0.005 

(0.01,0.001) 4 15.89 267.38 

(0.01,-0.03) 31.78 8.46 521.64 

(0,02.0.05) 14.9 2.9 467.9 



  International Journal of Contemporary Research in Computer Science and Technology (IJCRCST)             e-ISSN: 2395-5325 
Volume2, Issue 8 (August ’2016) 

 

 
IJCRCST © 2016 | All Rights Reserved  www.ijcrcst.com 
 982 

 
The research proposes another method for application feature 

discovery in text documents. It presents a method to discovery 

and categorize low-level structures based on together their 

appearances in the higher-level patterns and their specificity. It 

also presents a method to excellent irrelevant weighting 

features. 

 
X axis  Y axis  

1.txt 1.0 weight 

2.txt 0.5 weight  

3.txt 0.6 weight 

4.txt 0.4 weight 

5.txt 0.8 weight 

Table 4: Comparisons Weight Chart 

 
In this chat comparison for fifty documents precision weight 

calculated values are predated into the x axis to y axis.  

 

V. CONCLUSION 
Developed a structure that excerpts possible features after a 

review and clusters text analysis  expressions describing each 

of the features It finally retrieves the text mining  expression 

describing the user specified feature The first occurrence – 

based indexing method fixed not use any worldwide 

relationship within the Patten top-K ranked irrelevant 

documents. SVM processing the word document matrix such 

that major intrinsic associative pattern in the collection are 

revealed. Design a mapping such that the streaming the words 

reflects semantic associations. 
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